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What’s so special  
about humans?



Language?

Tool use?

Abstract reasoning?



My preferred answer: 
social intelligence!



social intelligence

learning from others

cultural evolution achieving large-scale goals

cooperation / coordination

civilisation



learning from others

cultural evolution



Two core problems

How do agents learn adaptive 
behaviour by observing others?

How do agents construct representations 
of others by inferring latent properties 
(like beliefs and preferences)?
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Why learn socially?





Trial and error



Trial and error Social learning

Expert







Social learning is an effective way 
to deal with uncertainty more

safely: avoid dangers from exploration

efficiently: sidestep the cost of 
deliberation in large choice spaces



Social learning 
should be selective 



Expert Novice







These model-based social learning strategies 
generally deal with learning from more 
knowledgeable/proficient/successful agents

But what about when agents have different 
preferences?





Research question: 

do people rationally select social learning 
targets on the basis of shared preferences?





Alex Bob



Individual-level rational model







Limitations of the individual-level rational model

Assumes prior observational access to 
every agent’s choice behaviour

(doesn’t enable generalisation across agents)

Cognitive cost (separate inference 
process for every agent you encounter)



Follow-up study: group-based selective 
social learning under preference variation 



4 items (2 feature dimensions)

Agents are organised into 2 groups
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New variable: agent      expresses explicit visual cue        
as a noisy signal of their latent group identity

New task: select imitation target on the basis of 
these explicit cues

group 1

group 2

Explicit cue distributions



Naïve ingroup bias model
“Copy the agent who looks most like me”



Group-level rational model
Infer the relationship between group identity and preferences



Two beween-participant factors:
 whether groups correspond to dimension 

 to participant’s utility functionrelevant

 participant’s own explicit cue
If groups relevant:

If groups not relevant: 

hidden / matched / mismatched

hidden / arbitrary



Own explicit cue invisible Own explicit cue matched Own explicit cue mismatched
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Takeaways



 Given direct access to agents’ choice behaviour, people 
can use theory-of-mind to select preference-aligned 
social learning targets 

 In the absence of direct choice evidence, people can use 
the relationships inferred between group identity, explicit 
visual cues, and preferences to generalise the same kind 
of strategy to unfamiliar agents

 They do this even when their own ‘group cue’ is actively 
mislabeled -- overriding the ingroup bias when other 
evidence suggests it is not adaptive
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